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(Binary Span Detection) (Multilabel classification)

e |oaded language e Bandwagon/Appeal to people
e Glittering generalities e Thought-terminating cliché

e FEuphoria e \Whataboutism

e Appeal to fear e Cherry Picking

e FUD e Straw Man



Dataset



Hosui ornag manu DeepState Bi poCiiCbKOro BinCbKOBOro \
ekcnepra, Kyxapa nyTiHa 2 po3psay, crnedianicta no cHapsgHoMy
rornogy Ta pektopa My3n4Hol akageMii MiHoBopoHU pd €BreHis
Mpuroxwuna.

MpuroXxxmH nporHosye, WO HEBAOB3i HACTaHe AeHb 3BiNbHEHHS Kpumy

i AeHb po3nagy pocii. Kaxe, LWo nepeayMoBu LibOro BXXe CTBOPEHI.
*Bigeo B3anu 3 kaHany
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ﬁosmﬁ orngag manu DeepState Big poCiCbKOro BinCbKOBOIO \

MpuroxwuHa.

o[
@informnapalm

Span identification

ekcnepTa, Kyxapa nyTiHa 2 po3psigy, crneuianicta no cHapsgHoMy
rornogy Ta pektopa My3n4HOi akagemii MiHobopoHu pd €BreHis

MpuroXxxmH nporHosye, Wo HEBAOB3i HACTaHe AeHb 3BiNbHEHHS Kpumy
i AeHb po3nagy pocii. Kaxe, Lo nepeayMoBu LibOro BXe CTBOPEHI.
*Bigeo B3anu 3 kaHany

[MpUroXXmH NporHosye, Lo HEBAOB3i HacTaHe
AeHb 3BiNbHeHHS KpuMmy i AeHb po3nagy pocil.
KKame, LLIO NepeayMOBU LibOro BXXe CTBOPEHI
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BiZl pOCIMCbKOrO BiMCLKOBOIO eKkcrnepTta
<
Kyxapa nyTiHa 2 po3psagy
& J
( cneuianicta no CHaps4HOMY rornogy Ta pektopa A
MY3W4HOI akageMii MiHoGopoHM pd €BreHis
\_[NpuroxuHa )
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Technique classification

Euphoria

Loaded Language




Train 3,822
Language distribution UA: 2,147
RU: 1,675

Contain at least one manipulation

2,589 (67,7%)

Test (Private)

5,735

Estimated language distribution

UA: 3,230
RU: 2,505




Methodology
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LLM Base Classifier
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LLM Base Classifier
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LLM Base Classifier
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Technique classification

Leaderboard F1 Macro
Public (3rd place) 0.43916
Private (4th place) 0.45265

Span Identification

Leaderboard Span-level F1

Public (4th place) 0.59142

Private (4th place) 0.59096




Technique Classification
Private Leaderboard Results of other Experiments

Experiment Macro F1 Score
LLaMa 3 8b 0.38870
LlaMa 3 Guard 8b 0.35896
MaxSent-BERT 0.37094
Mistral-UA 7b 0.38255
Gemma 3 12b + paraphrased 0.35228
Gemma 3 12b + generated 0.35982
Gemma 3 12b (Model 0) 0.42232
Gemma 3 12b (Model 1) 0.44754
Gemma 3 12b (Model 2) 0.44934
Gemma 3 12b (Model 3) 0.45134
Model 1 & 2 ensemble 0.45100
Model 1, 2 & 3 ensemble 0.45265




Thank you for your attention!
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Code: https://qgithub.com/OpenBabylon/unip2025-pub
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